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Abstract: A fuzzy support vector machine (FSVM) fault diagnosis method was pro-
posed based on improvement, of the ordinary diagnosis method used to determine member-
ships, and an improved diagnosis mathematical model was established. Then, four kinds of
typical rotor vibration faults were simulated on a rotor vibration experimental rig, and effec-
tive samples ef fault were collected. Finally, the validity and feasibility of this method used
for rotor vibration fault diagnosis were validated by calculating and analyzing the obtained

examples.
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Fig. 2 Rotor test-bed and its measurement system
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Table 1 Diagnosis results of three SVM methods for
four kinds of typical rotor vibration faults
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Table 2 Diagnosis results with noise interference
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Table 3 Diagnosis results with strong noise interference
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